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Dear reader,

This is a collection of my research of th st months, conversations | had about it,
contributions from friends and things | would like to share that are not visible in the
performance Sentimental
In this magazine | want to open and share my ‘contact zones’ with you. These are
texts | read, concepts | touched upon, questions | had, friends and people that | talked
. I will also share a contribution from a friend whose work is very much related
0 my research.

| want to do that by moving from one ‘contact zone’ to another, but also by zooming
into specific concepts that were ‘sticky’ (sticking with me, sticking to the research,

re-appearing).

To begin with, | want to share a quote from Sarah Ahmed's The Cultural Politics of

Emotions. The text itself is important to me and the notion of ‘contact zone’ is developed
init:

“To name one’s archive is a perilous matter; it can suggest that these texts
‘belong’ together, and that the belonging is a mark of one’s own presence.
What | offer is a model of the archive not as the conversion of self into a text
gathering, but as a ‘contact zone". An archive is an effect of multiple f

of contact, including institutional forms of contact (with libraries, books, web
sites), as well as everyday forms of contact (with frie families, others).” '

' Ahmed, Sara, Cultural Politics of Emotion. (2004), p.14.




SENTIMENTAL BITS

RESEARCH NOTES BY GLORIA HOCKNER

In this project I'm researching artificial intelligence that recognises human emotions, gender, and age
as well as performative ways to deal with or irritate these kinds of surveillance technologies. I'm inter-
ested in producing disturbances or glitches in the ‘recognition’ of the body by using the body itself, and
therefore to trouble what is being tracked.

| work with an emotion Al system that analyses the face to draw assumptions about emotions, gender and
age. The system only recognises the categories it knows. Another\system recognises body postures
and assigns numbers/identities to them. These systems help me understand how emotion recognition /
body recognition works, how we can interact with them and develop an understanding of agency towards
the interaction between body and technology as well as the data that is collected from the body.

One artistic strategy is ‘glitch’: A glitch is mostly referred\to as a digital error in

a system. A mis-performance. In Sentimental Bits | considerglitch as the moment
when the machinic categorisation of people fails. | explore glitch as something
that the body can produce in order to disturb what is being ‘recognised..

How can the body produce glitches in the interpretation of physical expressions?

Is the body/human behaviour in all its complexity, in-determinability and unpredictability not'already a
glitch to systems based on categorisation? How can glitch become a generative practice? How can we
generate glitches and use these ‘errors’ as aesthetic material? And how can we find new bodily qualities
that derive from the attempt to be in-between, on the edge, or not even part of these categories?

Emotion Al systems are not objective or neutral and that can give us insights about ourselves, people,
emotions. | see these systems as a mirror or magnifier for the people and societies that programmed them.

As automated recognition systems/Al systems become part of our everyday life, | focus on their politics:
What kind of gaze is inscribed in them (who looks at whom)? What identities or human characteyistics
are ‘recognised’ or ‘recognisable’? What do ‘new’ Al driven detection technologies not recognise? What
identities, emotions, bodies are part of the system’s categories of recognition and which arg not part
of the code? Apart from asking what the categories are, it is important to emphasise that/already the
act of categorisation is reducing complexity and works as a tool of power. Hacking (as/a performative
method) and glitch (as a performative tool) can be interventions in symbolic and imgginary practices
that | want to bring to the sphere of the body. As the body itself is already an intepvention - because it
cannot be captured fully by representation, classification, an image; it is movement.
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MACHINE LEARNING SYSTEMS
(ML SYSTEMS])

“Through the practice of clustering, sorting, and predicting human behaviour
and action, these systems impose order, equilibrium) and stability to the active,
fluid, messy, and unpredictable nature of human behaviour and the social
world at large. [...] When ML systems pick up patterns and clusters, this often
amounts to identifying historically and socially held norms, conventions, and
stereotypes. Machine prediction of social behaviour, | argue) is not only errone-

ous but also presents real harm to those at the margins of society.” 2

2 Abeba Birhane; The Impossibility of Automating Ambiquity. Artif Life 2021; 27 (1): 44-61.



EMOTION Al

Emotion Al uses various sensors or computer vision to scan facial expressions, voice, or postu

determine the emotional state of a person. Large companies such as Amazon, Facebookor Google are

currently involved in the development and implementation of emotion Al.

Emotion Al is used, for example, to individualise advertising for potential customers, for predictive

policing, in job interviews or for immigration control at borders (as in the EU-project iBorder Ctrl in
Hungary, Greece, Latvia, and Poland which is used to-evaluate whether an individual is giving truthful
responses).

Rana el Kaliouby, the co-founder of Affeetiva - a company that claims to have the biggest emotion dataset -

believes that their technology hasthe potential to create an emotion economy. Affectiva offers a software -

Affdex - which provides facial analyses to derive mood analyses. The recognition of affects goes back
to the work of the pSychologist Paul Ekman, who identified a limited number of basic emotional categories
that are defined across cultures. Scientists criticise this model because emotions cannot be reduced to

such easily interpretable, mathematical categories.

6 out of 6 classifiers selected

Sadness




NE 1: CONVERSATION WITH
LORENA JAUME-PALASI

This conversation was held in German.

Lorena Jaume-Palasi researches the ethics of digitalisation and.automation. Among other things, she
is the founder of The Ethical Tech Society, a non-profit organisation with the aim of looking at processes

of automation and digitalisation in order to classify them in terms of theirsocial relevance.

VIDED 1

https://vimeo.com/671870424

Content: Intro Lorena / Ethical Tech Society / Ethical Claim / Algorithm Watch / Technological
Solutionism / Common misconception that by controlling technology, we can protect (civil) society /
Attempt to look beyond technology - with very mixed teams and affected communities / Centralizing
technology on social conditions - very limited way to deal with social issues



VIDED 2

https://vimeo.com/671867212

Content: Categorisation of emotions and the human being (basic emotion model Paul Ekman) /
Physiognomy / Systematisation of the World / Mathematical Thinking / Systematisation as exercise of
power / Colonisation of thinking and perception

VIDED 3

https://vimeo.com/671859913

Content: Data Protection / Privacy / EU in comparison / Pilot projects / Application examples of monitoring

technology
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FACIAL ACTION CODING
SYSTEM

“Contemporary Al systems are often
underpinned by machine learning

techniques, through which computers
learn statistical patterns in preprovided
data sets, and then use these learning
models to search for similar patterns
in novel related data.” ®

Most emotion detection systems that
analyse the face are based on Paul Ekman’s
basic emotion model. Using the Facial Action

Coding System (FACS), the following

emotions are assigned to specific facial

expressions:

Joy, anger, disgust, fear, contempt, sadness
and surprise.

3 Stark, Luke and Hutson, Jevan, Physiognomic Artificial Intelligence (2021), p. 10.




EMOTION Al AND |
CONNECTIONS T
PHYSIOGNOMY & PHRENOLOGY

FACS is not the first system to propose a universal categorisation of emotions.

Similar theories, based on the hypothesis that facial expressions represent emotions
regardless of species or culture, follow on from the long-controversial pseudoscience
of physiognomy which attempted to prove a link between a person’s appearance and

their character.

“Physiognomy and Phrenology are pseudosciences that date back to

antiquity and the Middle Ages and were used as a scientific under-

pinning for racism and-eugenics in the 19th and 20th centuries.” *
“Physiognomy is the practice of using people’s outer appearance to
infer inner characteristics.” ®
“Phrenology is the branch of physiognomy concerned with doing so
by analysis of the human skull.” ¢

In the following excursion | selected a few of the problematic theories that these
ideas are connected with. The idea of the existence of se called ‘basic emotions’ dates
back to the works of Descartes who suggested that all emotional states can be de-
rived from six fundamental ‘passions’: joy, sadness, love, desire, hatred, and wonder.
Charles Darwin took on this idea in The Expression of the Emotions in Man and Animals.
He argued that emotions are crucial for survival and thus they have distinctive ex-

pressions that should be accurately recognized by all — humans and animals.

10

“  American Anthropological Association. ,Eugenics and Physical Anthropology”. August 7, 2007.

® The Oxford English Dictionary defines physiognomy as “The study of the features of the face, or of the form of the body generally, as being supposedly indicative
of character; the art of judging character from such study” (https://www.oed.com/view/Entry/143159). Quoted from: Stark, Luke and Hutson, Jevan,
Physiognomic Artificial Intelligence (September 20, 2021), p. 10.

¢ Ibid.



LIONE 2: EXCURSION

CHARLES LE BRUN

Charles Le Brun (1619-1690) for the first time undertook a systematic de-

scription of movements of individual parts of the face in the assignment to

certain passions, for six basic emotions, largely based oh Descartes’ Passions

de l'dme (1649), and some mixed emotions. Le Brun's dtlas of pictures is the
basic equipment, iconography and matrix of what today, under the name fa-

cial expression, is one of the most popular research objects of experimental

psychology. In it, emotion and facial expressions are captured as a unity.

DUCHENNE DE BOULOGNE

The Mechanism of Human Facial Expression (1862) can be regarded as

the first study on the physiology of emotion. Influenced by the ideas
of physiognomy of the 19th century, the French neurologist Duchenne

The Mechanism of
wanted to determine how the muscles in the human face produce facial Human Facial

expressions. He believed them to be directly linked to the soul. For his Expression
studies he triggered muscular contractions with electrical stimulation,
recording the resulting expressions with the recently invented camera.
Duchenne believed that the human face was a kind of map whose
features could be codified into universal taxonomies of mental states; he
was convinced that the expressions of the human face were a gateway
to the human soul. He conducted his studies on people housed in the
Salpietre Asylum in Paris because of different diagnoses of mental
illness.

The work was an important resource used by Charles Darwin (1809-82)

for his own study on the genetics of behaviour, entitled The Expression of
Emotions in Man and Animals.
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CHARLES DARWIN

In his work The Expression of the Emotions in Man|land Animals (1872), Darwin researched

the expression of emotions in order to support his theory of evolution.

He argued that all humans, and even other animals, show emotion through remarkably
similar behaviors. For Darwin, emotion had an evolutionary history that could be traced
across cultures and species
Darwin stated that certain facial configurations are expressions of certain emotion
categories, inspired by photographs taken by Duchenne and drawings made by the
Scottish anatomist Charles Bell.

THE EXPRESSION Ol
THE EMOTIONS IN
MAN AND ANIMALS

INTRODUCTION,

Fig. 5. Dog approaching another dog with hostile intentions. By Mr.

Fig. 2. Diagram from Henle.
Riviere. & 8
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LONE 3: PHYSIOGNOMIC
ARTIFICIAL INTELLIGENCE

In their paper - Physiognomic Artificial Intelligence - Luke Stark and Jevan Hutson
describe the link between physiognomy and Al technologies and provide a definition

for Physiognomic Al:

7 Stark, Luke and Hutson, Jevan, Physiognomic Artificial Intelligence (2021), p. 10.

s Ibid. p. 27f.

“Any computer system that uses Al technologies such as machine learning to

[...] categorize a person's character, faculties, protected class status such as

race or gender, or future social outcomes based on their physical or physiological

characteristics—whether it be the face, eye, hand,

voice, gait, heart rate, or any

other body part—or patterns of behavior related to same, is by this definition

physiognomic Al." 7

“Contemporary Al-powered emotion detection anc
larly as they marketed and discussed in the press

nection between a person’s subjective emotional state and its outward expres-

sion. Often grounded in the Basic Emotion Theory
psychologist Paul Ekman, these systems assume
emotion are universally legible via external signa
the face, or tone of voice, and that emotions motiv
that are hard to consciously suppress — claims th
multiple scientific and social grounds. As a result
emotions are frequently flattened by these systen
mic indicator: for instance, emotion analysis techr
obtain scientific evidence of criminal culpability b
of guilt expressed by an accused.” ®

] analysis tems, particu-

, often assume a ilar con-
(BET) developed by American
discrete categories of human
s such as the movement of
ate human behavior in ways
at have been contested on
the complexity of human

ns into one more physiogno-
1ologies have been used to
ased on the purported degree
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ZUNE u- Love Songs for a New Future =
||

CHERY FLOWERS'

SHE WAS A WOMAN AS YOU UNDERSTOOD
IT SEEMS TO MAKE IT IN QUEER GOOD
SHE IS CHANGE, SHE WAS A GIFT

I WANT YOUR CHERY FLOWERS' EXPLICIT

SHE CLOTHES ARE A TOWTLE FOR MY ART
SCARCES BY A FLAMMES OR HEART
THINGS HELD INTO DIFFERENT ABOVE

IT IS NO ORDINARY LOVE

WE STARTED KINK TO BRING FEMMES FROM ONE OR TWO
FEAR TIME, QUEER TIME .
CUZ WHAT I GET IS TR
ING FOR HER. HIKE

TO DO ME

fa il
IN THE BURLES’QUE
OH FEELS LIKE, YES
ALMOST LIKE HER NAME
GROWING OF THE DRESS

ERY NIGHTREATES OF
RECOGNIZE THINGS DEE INSPIRE
WEYTALKED FOR ALL, R NDED WITH SEX
HOMOPICE TO STUDD THE EGGS

SATIONAL DESIRE

WE STARTE INK BRING FEMMES FROM ONE OR TWO
FEAR TIM IM
CUZ WH

il
/KING FO HIKmE

YOU WANT TO DO ME

IN THE BURLESQUE

OH FEELS LIKE, YES
ALMOST LIKE HER NAME
GROWING OF THE DRESS

g\

YOU WANT TO DO M\
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HER HTTP

NEED TO SEE HER OWN FACE
LIKE A TRAUMA TOOL
INJURING FROM DAYS

NEED TO FEEL HER OWN SHIT
PENETRATE
DETAILS OF SADNESS

NEEDING MENTAL JUSTICE
COLLECTINGLY
VERY SAFE TO ME

NEED TO SEEK HER
HAPPY ROOM
FEMALE BOTH AT SKIN

SHE’S MY SPECTRUM TO BE
HER HTTP

HER HTTP
SUBJECT TO BE
HER HTTP

HER HTTP

HTTP

HTT

PHTTP

HTTP

HTT

PHTTP

NEED TO SEE HER OWN FACE
LIKE A TRAUMA TOOL
INJURING FROM DAYS

NEED TO FEEL HER OWN SHIT
PENETRATE
DETAILS OF SADNESS

NEEDING MENTAL JUSTICE
COLLECTINGLY
VERY SAFE TO ME

STUDENT-MALE PAST
LUS
IBERATE

I GET DOWN IN NO DANDER

I NEED YOU TOOK MY LOVE
CRUSH THE STUDENT-MALE PAST
NEVER A COME TO BLA

I MAY HENTY BABY
WONDER WHO I GOTTA TRY
FLOOR OF BODIES

CASTLE OF DENY

SHE'S MY SPECTRUM TO BE
HER HTTP
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CLASSIFICATION +
CATEGORISATION

All taxonomies or classification systems are political. The idea of classifying/bodily
features and assigning personal characteristics to it is a biologistic and essentializing
view, that reduces complexity and engages in stereotyping.

“Categorisation [is] a tool to control a system of relations.” (Simone Niquille)

“Categorisation always hasa universalistic approach and always is

simplification.” (Lorena Jaume-Palasi, talk at p. 07 of this magazin)

BIAS

Z0OM INTO THREE CONTACT ZONES:
STUDIES THAT EXAMINE BIAS IN MACHINE LEARNING SYSTEMS.

Zone 5: Identifying Bias in Al using Simulation

“Let us take facial analysis as an exemplar problem for computer vision systems.
There are numerous companies that provide services of face detection and tracking and
face recognition, facial attribute detection, and facial expression/action unit recognition

[(e.g. Microsoft, Google, Affectiva)l.
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However, studies have revealed systematic biases in results of these systems (Buolamwini,
2017; Buolamwini & Gebru, 2018), with the error rate up to seven times larger on women
than men. Such biases in performance are very problematic when deploying these algorithms
in the real-world. Other studies have found that face recognition systems misidentify [color,
gender (women), and age (younger)] at higher error rates (Klare et al., 2012). Reduced
performance of a classifier on minority groups can lead to both greater numbers of false
positives (in a law enforcement domain this would lead to more frequent targeting) or greater
numbers of false negatives (in a medical domain this would lead to missed diagnoses).

If the face detector used for such tasks is biased, then the resulting data set is also likely to
be biased. This was found to be the case with the commonly used Labeled Faces in the Wild
(LFW) dataset (Huang & Learned- Miller, 2014). One study found it to be 78% male and 85%
White (Han & Jain, 2014)." 7

Zone 6: Machine Feeling
“What people generally refer to as artificial intelligence and machine learning is merely a
statistical mapping of correlations in the dataset. Because of this, machine learning will r

the least common structures in the dataset, simply in order to reduce calculati
Consequently, machine learning is not a sign of cognition, but of compression as a means to

efficiency, which on the other side is also a loss of diversity.” °

Zone 7: Discriminating Systems
“A recent paper from the Al Now Institute examines the data used in algorithmic predictive
policing systems, and finds that in many cases such data is fraudulent, created through
practices of racially biased law enforcement, thus embedding bias into the logics of such
systems. In all of these cases, understanding “bias” in data (and arguably fixing such bias)
requires a thorough accounting of the social context through which the data was produced -
in other words, how humans make data in context.”

7 McDuff, Daniel, et. al., Identifying Bias in Al using Simulation, p. 1.
© A Peer-Reviewed Journal About. Vol. 8 No. 1 (2019): Machine Feeling, p. 5.
" West, S.M., Whittaker, M. and Crawford, K. (2019). Discriminating Systems: Gender, Race and Power in Al. Al Now Institute., p. 17.
Retrieved from https://ainowinstitute.org/discriminatingsystems.html. 19



EMOTIONS

“The basic emotion theory can certainly be critiqued. For a number of scholars in the

Sara Ahmed regards emotions rather as a social and cultural practice:

“Feelings may stick to some objects, and slide over others.” '

“Indeed, attending to emotions might show us how all actions are reactions, in the
sense that what we do is shaped by the contact we have with others.” ™

} THis Aagic
IS in Spite”
: L me

2 Munn, Luke, Logic of Feeling: Technology's Quest to Capitalize Emotion, (2020), p. 27.
'3 Ahmed, Sara, Cultural Politics of Emotion. (2004), p.8.
" |bid. p. 4.



GLITCH

| am dazzling
but that's a strategy

| throw dazzling lights and many colours
they have edges and the power to disturb.

they interrupt the attack,
they disturb the attempt to erase what seemingly doesn't fit.
In this short moment, the moment of hesitation, of interruption
of being dazzled by the lights, | can escape
escape erasure.

| stretch time.

The moment becomes an eternity.

This moment becomes an eternity.

Shortly before the end,

every mili second opens up a/gate. a parallel time.

In these moments | grow, | become present, | generate.

| generate a thousand shapes and colours and smells and’beings and versions of myself.
| cut into straight lines. | cut it into reality.

Ambiguity is vast and my multiverse as well.

This is my house.

2l



Glitch - possibly from Yiddish glitsh ‘a slip, from glitshn ‘to slip, from German
glitschen, and related gleiten ‘to glide’.

“Glitched bodies
are not considered in the process of programming
new creative technologies.” '

“Glitched bodies

- those that do not align with the canon of white cisgender heteronormativity
- pose a threat to social order.

Range-full and vast, they cannot be programmed.” '

“A glitch is a digital or technological error.
It mostly occurs to us as interruptions, distortions in digital images, as noise.

Glitch is the failure to perform.” 7
A glitch reveals the system, that is rendered imperceptible by design. It reveals the
underlying structure, a materiality hidden behind the thing we should see.

A glitch can be a short moment or permanent/it can be
an oscillation between one and the other thing. It disturbs our
perception. It disturbs the realm of binary and it opens up ambiguity.

A glitch can be the mis-performance accordjng to a category.
It can be the slipping away of a recognition system from the
body it tries to detect.

s Russel, Legacy, Glitch Feminism - A Manifesto, p.25.
¢ lbid., p.25.
7 lbid., p. 29.




DETECTION DIFFICULTIES

A research paper shows “a number of

conditions which made detection difficult:
They often contained partly covered
faces, sometimes covered by long hair
or strong shadows. Other conditions
contributing to low face detection rate
were also an extreme head pose, people
wearing glasses or reflections in the
background. An unusual case we found
in @ number of videos are bright - but
not directly blinding - lights in the back-
ground.” '®

'® Arne Bernin, Larissa Miiller, Sobi
Recognition in Smart Environ

More detection difficulties | found:
Actually, the moving or dancing body
already poses/a difficulty to the detection
systems | wark with. Bodies that come
very close and cover some parts of their
head or body with other body parts can
disturb the recognition of a singular

- the algorithm combines the
bodiés, or tracks only one of them. The
body tracking can track less if the upright
position is left and the body as well as the
ead leaves their axis. Obscuring the eyes
and mouth region can pose problems.

Ghose, Kai von Luck, Christos Grecos, Qi Wang, and Florian Vogt. 2017. Towards More Robust Automatic Facial Expression
nts. In ,Proceedings of the 10th International Conference on Pervasive Technologies Related to Assistive Environments®,

37-44. Link: https://users.informatik.haw-hamburg.de/~ubicomp/arbeiten/papers/petra2017.pdf.
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HACKING

“Everything and anything is a code for
the hacker to hack, be it, programming,
language, poetic language, math, or
music, curves or colourings’ and once
hacked, they create the possibility for
new things to enter the world.” ¥

' Wark, McKenzie, A Hacker Manifesto. Harvard University Press., (2004), p. 13.




About Gloria Hockner (they/them)
Gloria Hockner deals with the relationship of the body to technology and power-structures.
They explores the principle of hacking and the potential of glitch - disturbances in the system.
Gloria's pieces have been performed at festivals such as Performing Arts Festival Berlin, Bal-
ance Club / Culture Festival Leipzig, and Out Now! Bremen.
After studying theatre, film and media studies in Vienna and a master degree in performance
studies, Gloria received i.a. a scholarship from the Claussen-Simon Foundation and had residencies
at Seoul Dance Center, K3 (Limited Edition) and Nave in Santiago de Chile.

As part of a transdisciplinary research process during the residency at K3, which links digital
and analogue practices, Gloria appropriates surveillance technologies and systems that use
‘artificial intelligence’ to ‘recognise’ human emotions in order to develop alternative bodies,
images and narratives. Their research touches upon questions of self-determination about
one‘'s own body and the data that is produced by it.

See the show Sentimental Bits live at Kampnagel 24 & 26 March at 7.30 pm, 27 March at 6 pm
As well as from 31 March to 02 April at Ballhaus Ost (Berlin)
Enjoy the show online as part of Tanzhochdrei digital on 20 April at 7.30pm

Current information and our newsletter are available via www.k3-hamburg.de

Join us on
facebook: www.facebook.com/K3Hamburg
instagram: www.instagram.com/k3.tanzplan.hamburg
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